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Design and Implementation of the Recommendation
System for Douban Group based on RBM Model

LIU Yu-ning, TAO Hong-cai
(School of Information Science & Technology, Southwest Jiaotong University , Chengdu 611756, China)

Abstract ; Restricted Boltzmann Machine for recommendation has become one of the significant researches. In this pa-
per,a recommendation system for Douban Group based on RBM model is designed and implemented. The system consists
of three layers; data layer, model layer and evaluation layer. The data layer can solve the problem of data sparsity to a cer-
tain extent by selecting the data of “the Douban expert”. The experimental results show that the RBM model rivals the
traditional collaborative filtering algorithm by providing a better recommendation effect on the data set of the Douban
Group.

Keywords : douban group ;recommendation system; RBM ; contrastive divergence



