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Attribute Reduction with Rough Set based on Binary Linked List

SONG Jian, JIANG Yu, LI Dong, BAOYANG Wanying
(College of Software Engineering, Chengdu University of Information Technology, Chengdu 610225, China)

Abstract ; The difference matrix is a method used by many scholars to calculate the attribute reduction of rough sets. This
method is widely used because it is simple, intuitive and easy to understand, but the redundant elements contained in
the difference matrix are not only take no effect on attribute reduction, but also have the problem of high cost of spatial
storage. In order to eliminate these redundant elements, a new storage structure is proposed: a binary linked list. All re-
petitive elements and parent set elements in the discernibility matrix are deleted by bit operation to reduce the storage
space of discernibility information. In order to verify the validity of the binary linked list, a new attribute reduction algo-
rithm is proposed. The method is tested by multiple sets of data sets in the UCI database, and the experimental results
are compared with other algorithms. The proposed algorithm can get the attribute reduction set faster and can effectively
reduce the storage space.

Keywords : rough set;attribute reduction ;discernibility matrix ;binary linked list;bit operations



