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An Improved Kubernetes Priority Algorithm based on Load Balancing

TAN Li,

TAO Hongcai

(College of Information Science & Technology, Southwest Jiaotong University , Chengdu 611756, China)

Abstract : Kubernetes is an orchestration tool and a cluster management system based on container in cloud computing

area. The default predicate algorithms and priority algorithms in Kubernetes scheduler can schedule pod to a suitable

node to run. However, the resource model used by the default algorithms just contains CPU and memory, and doesn’ t

take the performance of node into account either. In addition, during the priority process, for the containers without the

requests of CPU or memory, Kubernetes applies the same default values. Aiming at the shortcomings above, this paper

proposes an improved priority algorithm based on load balancing. The experiment results show that the improved priority

algorithm can enhance equilibrium efficiency.

Keywords : cloud computing; Kubernetes ; container ;load balancing



