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An SVM Decision Tree Algorithm for Unbalanced Data Sets

HUANG Yong', WEI Le*”
(1. College of Computer Science, Chengdu University of Information Technology, Chengdu 610225, China;2. College of Software Engi-
neering, Chengdu University of Information Technology ,Chengdu 610225, China;3. Sichuan Key Laboratory of Software Automatic Generation
and Intelligent Services,Chengdu 610225, China)

Abstract; A new SVM decision tree algorithm is proposed for the uneven distribution of data commonly encountered in
text classification problems. When constructing the nodes of classifier, the algorithm uses the idea of dynamic program-
ming to find the optimal allocation scheme of both the number of categories and the number of samples. The experimental
results show that the proposed method has a significantly better accuracy than the SVM classifier based on the complete
binary tree.

Keywords : big data; natural language processing; dynamic programming; complete binary tree; support vector ma-

chine; text classification; machine learning



