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Implementation of Static Gesture Recognition Algorithm based on Neural Network

BAO Zhaohua, GAO Yuxiang, XIA Chaoyu, GUO Chunni

(College of Communication Engineering College of Microelectronics,Chengdu University of Information Technology, Chengdu 610225, China)

Abstract ; With the development of Internet of things technology, gesture recognition plays a vital role in today’ s human-
computer interaction. Aiming at the problem of low recognition rate and poor algorithm robustness in complex back-
ground, this paper proposes a gesture recognition method based on neural network to achieve static gesture recognition of
26 English letters. The algorithm consists of gesture detection and feature extraction and recognition. In the gesture de-
tection section, the problem of difficulty in extracting the gesture area is solved. In the gesture feature extraction section,
the binary image of the contour information of the hand is extracted by the skin color detection. In the recognition phase,
the gesture is recognized using the CNN improved from LeNet-5. The neural network was trained under the data set pro-
duced by ourselves, and finally the comparatively higher recognition rate was obtained. The verification experiments
were carried out on common datasets of NUS-II and Marcel, which have complex background, and the recognition rates
reached 95.31% and 98.10% respectively. The results show that the method can achieve high stability in the accurate
recognition of gestures in complex environments.

Keywords : gesture recognition ;neural network ; corrosion ; expansion ; feature extraction



