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Integrating Entity Features and Latent Relation Model
for Chinese Relation Extraction

WANG Jing'?, YU Yan'?, XIONG Xi'?
(1. College of Cybersecurity ,Chengdu university of Information Technology , Chengdu 610225, China ;2. Advanced Cryptography and Sys-
tem Security Key Laboratory of Sichuan Province,Chengdu 610225, China)

Abstract ; Extracting relationship triad information from unstructured text is especially important for constructing knowl-
edge graphs,and existing research methods usually focus on identifying entities before extracting relationships. Although
these methods have achieved good performance,they ignore the intrinsic connection between entities and relations, and
cannot effectively solve the problem of overlapping entities in the same text. To address the above problems,a Chinese re-
lationship extraction model that integrates entity features and potential relationships is proposed,and the main idea is to
map the guest entities through the main entities with the relationships as the conditions. The main idea is to map the guest
entities by using the relationships as conditions. Firstly, the entity information is labeled in a two-dimensional matrix to
recognize the main entities; then the possible relationships in the text are predicted; finally,the entity features,and po-
tential relationship information are fused to recognize the guest entities. The whole process adopts a bidirectional relation-
ship ternary extraction framework ,i. e. ,the relationship ternary is extracted from two directions,so that the bidirectional
extraction results are complementary to each other. The model effectively preserves the intrinsic connection between enti-
ties and relationships and enhances the relationship recognition of overlapping entities. The experimental results show that
the model proposed in this paper has some improvement in precision rate ,recall rate,,and F1 evaluation metrics on DulE
and CMelE Chinese datasets,which proves the effectiveness of the model.

Keywords :relation extraction ;overlap entity ; potential relationships ; bidirectional triplet extraction ;entity feature



