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Research on Mining Algorithm of Maximal Frequent Itemsets based on M-blsearch

LI Bao-lin, ZHOU Kun, LI Shi-wei
(1. College of Computer Science, China West Normal University, Nanchong 637000, China)

Abstract : Data mining is the core of big data analysis, and association rule mining algorithm is an important branch of
data miningwhich contains two steps: the generation of frequent itemsets and the generation of association rules. The
process of generating frequent itemsets in overhead occupies a large cost. This paper starts with the nature of the maximal
frequent itemsets, adopts the idea of M-bisearch on the basis of hanging data storage structure, reduces computation cost
of the scanning times and the support degree though compressing storage space, so as to achieve the goal of improving
the efficiency of the algorithm.

Key words: machine learning; data mining; association rules; frequent itemsets; maximum frequent itemsets; M-
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