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An Improved Deep Learning Network Structure for English Character Recognition

REN Bo', WANG Lu-tao', DENG Xu*, LI Xiao-jie'
(1. College of Computer Sciences, Chengdu University of Information Technology, Chengdu 610225, China;2. Chengdu No. 7 Wanda
High School, Chengdu 610100, China)

Abstract ; Since Geoffrey Hinton proposed the concept of " Deep Learning" in a paper, " Reducing the dimensionality of
data with neural networks" , in 2006, in the first time. Deep learning has received sustained attention from researchers.
Deep learning use multi-layer neural network to simulation of the multi-layer abstract learning process of human brains.
The design of network structure and feature extraction are the key problems in data mining and applications of pattern
recognition. The accuracy of handwritten numeral recognition in deep learning has always been an important criterion for
measuring the deep learning algorithm or network structure. In this paper, an improved network of deep learning struc-
ture is proposed. The experimental results show that the recognition rate of the deep learning network structure is signifi-
cantly higher than the traditional network structure deep learning.

Keywords : deep learning; network structure; handwriting; letter recognition



