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A Visual Tracking Algorithm Combining ORB Feature and Mean Shift

YAN Wen-long, ZHU Yi, LU Jun
(College of Software, Chengdu University of Information Technology, Chengdu 610225, China)

Abstract ; As the real-time requirements of the embedded system for computing are critical, some of the traditional vision
tracking algorithm can hardly meet them. In order to solve this problem, this paper proposes a computer vision tracking
algorithm combining ORB (oriented fast and rotated brief) feature points and Mean Shift algorithm. The traditional Mean
Shift algorithm runs faster, but it is easy to fail while the target is blocked, which results in the tracking result and it is
not satisfactory. Therefore, it is decided to use the Mean Shift algorithm which combines the ORB feature detection algo-
rithm to achieve the target tracking. The algorithm improves the accuracy of the search window by detecting the initial
position of the target and calculating the scale and rotation angle of the target in the current frame according to the feature
points matched with the template. Compared with the traditional algorithm, the algorithm proposed in this paper shows a
good robustness in solving the problem of obscuring the target, and it has a good performance in real-time tracking.
Keywords : visual tracking; Mean Shift; ORB feature ;embedded platform ;real-time



