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Study of Brain Wave Emotion Classification Algorithm

MA Xin-fei, LIU Zhi-hong, JIANG Tian-hao
(College of Electronic Engineering, Chengdu University of Information Technology, Chengdu 610225, China)

Abstract ; The emotion belongs to higher nervous activity in the cerebral cortex of human. Now many researchers use BCI
in formal analysis, simulation, and phototyping to explore predicted system behavior between the subjective world of e-
motion and the objective world of the signal. This paper compares various classifiers of emotion recognition, and then ap-
plies two sets of classifiers. The unsupervised classification include DBN, the supervised classification include Bayes
classifier and Fisher classifier and SVM. The results have shown that the DNB method performed better than SVM in
classification accruracy, and the Bayes classifier is better than Fisher classifier in running time. DBN has a higher clas-
sification accuracy and lower standard deviation, and it is more suitable for EEG emotion recognition. Moreover, the av-
erage classification accuracy is 84.01% and the minimum standard deviation is about 9.74% .

Keywords : EEG ; emotion recognition ; classification accuracy ;machine learning



