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Human Motion Recognition based on Spatiotemporal Interest Points
and Multivariate Generalized Gaussian Mixture Models

WEI Wei, SONG Yanbei, GAO Lianxin, ZHANG Bin
(College of Computer Science and Technology , Chengdu University of Information Technology , Chengdu 610225, China)

HE Bingqian,

Abstract : Human action recognition has been widely used in the fields of human-computer interaction and virtual reality,
etc. Aiming at the problems of excessive redundancies and neglecting the correlation of image data in traditional human
motion recognition algorithm, this paper proposed a human motion recognition method based on spatio-temporal interest
points and multivariate generalized Gaussian mixture model combined with fixed-point estimation. Redundant feature
points and multivariate generalized Gaussian mixture models are used to effectively extract feature points and make full
use of data correlation. The Harris-Laplace algorithm and 3D-SIFT descriptor extracted the feature points of the video se-
quence, and the BOW model clustered the visual words. Finally, the improved multivariate generalized Gaussian mix-
ture model modeled and classified. Experiments were performed on the KTH datasethe experimental results show that the
proposed human motion recognition method can effectively recognize and classify human motion in video.

Keywords : action recognition ;spatial and temporal interest points ; Harris-Laplace ; 3D-SIFT; feature extraction



