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Imaging Research of Dynamic Threshold Greedy Algorithm based on CS-TWR

YU Jie, XIA Chaoyu, DU Jiang
(College of Communication Engineering, Chengdu University of Information Technology, Chengdu 610225, China)

Abstract ; Aiming at the problem that the segmentation weak orthogonal matching pursuit (SWOMP) imaging accuracy is
not high during the through-wall radar (TWR) imaging process, a dynamic threshold weak orthogonal matching pursuit
algorithm ( DWOMP) is proposed, which can significantly improve the 2 Dradar image performance index of CS-TWR.
Firstly, the TWR compressed sensing simulation modelis built and the over-complete dictionary are established by using
Chirp signal radar echo data. Then the DWOMP algorithm implementation flow is given, and the computer simulation ex-
periment of DWOMP algorithm is carried out. The DWOMP , BP and SWONP algorithms are compared through simulation
experiment eventually. The simulation results show that under the same experimental conditions, the imaging time of
DWOMP algorithm is about 3/5 of BP algorithm, and the imaging resolution of that is better than SWOMP algorithm.

Keywords : compressed sensing; over-complete dictionary ;basis pursuit ; stagewise weak orthogonal ; dynamic threshold.



