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Type-2 Fuzzy Set based Rough Fuzzy C-means Clustering Algorithm

BAO Yangwanying, JIANG Yu, LI Dong
(College of Software Engineering, CUIT, ChengDu 610225, China)

Abstract ; Clustering algorithm is widely used in image processing, pattern recognition and other fields. The RFCM algo-
rithm is a clustering algorithm that has been studied more in recent years. When the clustering structure of sample is dif-
ferent, the traditional RFCM algorithm has the problem of cluster center bias and membership selection, which makes the
clustering result worse. This paper proposes a RFCM C-means algorithm based on type-2 fuzzy set. The refined RFCM
algorithm uses the type-2 fuzzy set theory to describe the deep information of the sample by calculating the sub-degree of
membership of the sample. The sample is divided into the upper and lower approximation sets of the cluster based on the
difference between the maximum membership degree and the second-largest membership degree, and according to the
weights of the upper and lower approximation sets, the cluster center is iterated and recalculated until the set threshold is
reached or the algorithm termination condition is met. , The performances of improved RFCM C-means algorithm experi-
mented on the artificial datasets and the UCI datasets are compared, the results show that the improved RFCM algorithm
has good performance.

Keywords : clustering ; rough set ;type-2 fuzzy set;rough fuzzy C-means



