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Bank Card Number Recognition System under the Complex
Background based on Deep Learning

TAN Shiyu', YANG Ling', SHI Chunxiang’, XU Zixin'
(1. College of Electronic Engineering, Chengdu University of Information Technology , Chengdu, 610225, China;2. Meteorological Data
Research Office ,National Meteorological Information Center,China Meteorological Administration, Beijing,100081 , China)

Abstract ; Aiming at the problem of bank card number extraction and recognition in a complex background, this paper
proposes an algorithm for automatic extraction and recognition of card numbers based on the combination of deep learning
and traditional optical character recognition( OCR) methods. We use the algorithm of an improved deep learning text de-
tection model to detect the text content,then we use the OCR method to segment the digital part of the image, and finally
use an improved neural network to recognize the number to obtain a continuous bank card number. The experimental re-
sults show that the neural network with improved convolution kernel can significantly improve the character recognition of
bank card numbers in complex backgrounds and can better extract the character feature information in the image ,and the
accuracy can reach 98.87% under the light background dataset. The system can effectively identify bank card numbers
in complex backgrounds,and its average time limit is about 6.3 s.

Keywords : bank card number recognition ;deep learning ; OCR ; neural network



