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A Hail Weather Recognition Method based on Artificial Intelligence

CHEN Xia', WANG Haijiang', ZHOU Shuyue', JIE Laqutie', LI Jing’, XU Zili’
(1. College of Electronic Engineering Chengdu University of Information Technology , Chengdu 610225, China ;2. The Second Reserch In-
stitute of CAAC, Chengdu 610041, China)

Abstract : Hail weather is a strong weather phenomenon produced by the system of severe convective weather, which has
the characteristics of short duration, strong locality and great destructive power. Therefore, the detection of hail weather
has always been a significant research topic in the meteorological field. This paper presents a hail weather recognition
method based on artificial intelligence. In this method, the Faster R-CNN deep learning is applied to detect hail, and
accuracy and precision on the test set are 87% and 97% respectively. The reliability and accuracy of the method are
verified by adopting theoretical analysis and comparing with the actual situation and the traditional hail weather identifi-
cation algorithm. The experimental results have significant reference for the identification and early warning of hail
weather.

Keywords : hail weather;artificial intelligence ;tracking



