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Garment Image Segmentationn Using Dual Attention
Mechanism Deeplabv3+ Algorithm

ZHAO Yi HE Jia
(College of Computer science ,Chengdu University of Information Technology, Chengdu 610225, China)

Abstract; In recent years, the garment fashion industry economy has developed rapidly . In order to make the user’s
choice of clothing and clothing design more convenient and fast, it is particularly important to improve the efficiency of
clothing segmentation. Most of the present methods are traditional segmentation methods or based on deep convolutional
neural network ( DCNN). For the clothing image segmentation task is easily affected by background, color, texture,
etc. , and the clothing edge segmentation is not accurate, this paper proposes a method of dual-attention mechanism
based Deeplabv3+ algorithm to identify and segment clothing images. Channel attention mechanism and location atten-
tion mechanism are used to form a module named CPAM to improve Deeplabv3+ network. After downsampling for sever-
al times, the feature image is parallel to the channel and position attention module (CPAM) and The ASPP module, and
then the prediction image is obtained by upsampling. Finally, the experiment proves that the model with CPAM module
can segment the clothing image more accurately in different scenes.

Keywords : clothing image segmentation; DeepFashion2; Deeplabv3+; semantic segmentation



