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A Novel Coronary Pneumonia Image Segmentation Method based on Improved U-Net

YANG Mei, LUO Jian, ZHANG Xiaogian, JIN Qiangian
(' School of Electronic Information Engineering, Xihua Normal University , Nanchong 637009 , China)

Abstract ; In the past two years, the outbreak of new coronary pneumonia in the world has brought extremely serious se-
curity risks to human beings. In order to improve the efficiency of doctors in diagnosis as much as possible, it is of great
value to study the lesion segmentation method of new coronary pneumonia images. This paper uses the U-Net network
model as the basic network to process the pneumonia images, before the first and second layer splicing, the improved
channel attention is introduced to strengthen important information; at the same time, before the third and fourth layers
are spliced, the spatial attention is introduced to extract the spatial information, and the detailed information of the target
area is supplemented. Finally, the mixed loss function is used to accelerate the convergence speed of the network and a-
void the sample imbalance. Compared with the basic network , the improved network model can segment both large target
areasand small target areas, and avoid the problem of gradient disappearance, and effectively improve the segmentation
performance and the reliability of the network.

Keywords : U-Net ; Gaussian error linear element;channel attention ;spatial attention ;mixed loss function



