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An Attack Language Recognition and Classification Method based on
Bayesian Optimization BERT-BIiLSTM Model

LIU Xueming, DU Zhibo
(College of Cyber space Security Academy,Chengdu University of Information Technology, Chengdu 610225, China)

Abstract ; The current recognition and classification methods for aggressive languages based on the BERT model suffer
from sparse features and low contextual relevance, which affects the accuracy of aggressive language recognition and
classification. In addition, there are problems such as time-consuming and laborious manual optimization, high cost,
and poor performance in parameter optimization. A method for attack language recognition based on the BERT-BiLSTM
model is proposed, and a Bayesian optimization method based on probability optimization is used to solve the hyperpa-
rameter optimization problem. Firstly, the aggressive language dataset is trained using the BERT model and the aggres-
sive word features are extracted from the dataset. Then, the BiLSTM model is used to capture deep-level contextual cor-
relations. Finally, the obtained feature vectors are input into the regression model for classification. After testing the
CLODataset Chinese dataset and comparing the BERT model with the BiLSTM model, it was proven that this method ef-
fectively captures sequence features and contextual information, thereby improving text classification performance and in-
creasing the F1 value of the model by 0. 11 on the test set.

Keywords : BERT model ; BiILSTM model ; Bayesian optimization



